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Forecast for mutual fund returns with gerenal
regression neural network

PAN Wen-chao
(Department of Information M anagement, Lanyang Institute of Technology, Taibei 104, Taiwan China)

Abstract: In recent years, there are many relevant documents that are successfully in general
regression neural network for the financial sector forecasts. This paper adoptes the general
regression neural network for the prediction of the net value of the domestic mutual fund and for
evaluation of the return of the investment. The author picks out a lot of fund information at
home, analysizes its investment performance with grey relational analysis, and select some good
investment performances of mutual funds as investment targets. Through general regression
neural network model, he sets up the prediction model and with grey prediction and multiple
regression model, he conducts the comparative analysis on the accuracy of the prediction and the
return rate. It is found that it is better to predict the return rate with general regression neural
network than with grey prediction and multiple regression model. On the basis of the evaluation
of the 5 indexes of the performance management, and 5 group interactive data validation map, the
gereral regression neural network can perform well in prediction and the prediction of return
rates.
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